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Abstract:

Providinghigh-quality education
to students is one of the main goals of
higher education institutions.
predicting a university student's
academic performance, can be
achieved wusing educational data
mining (EDM). The research aimed
to predict academic performance of
students and develop  their
performance at an early stage. The
data used in this research were
collected from the students' records
in-Mathematics Department in the
faculty of Education at Sana’a
University for the years (2008-2016).
The research adopted the CRISP-DM
methodology for data mining.
Modeling was used as a machine
learning research tool by WEKA.
And Six classification algorithms
were used in the data mining to select
the algorithm that produces the best
model for the data. And five metrics
of evaluation, At the end of the
modelling process, the research found
the logistic regression as the best
classifier for the dataset.

Available at: https://saada-uni.edu.ye (106)

In this research five feature
selection techniques were used; to
select the most relevant features out
of the features gathered in the dataset,
Having identified the best classifier
for the dataset.

The research showed that

prediction of academic performance
enables both academics and students
to detect early students who need
special attention in order to conduct
appropriate intervention. Moreover,
instructors can be aware of each
student’s capability and customize
the teaching tasks based on students’
needs. The research  would
recommend instructors to consider
using EDM in predicting students’
academic performance and benefit
from that in customizing students’
learning experience based on their
different needs.
Keywords: Educational Data Mining,
Prediction of academic performance,
Artificial Intelligence, WEKA Machine
Learning Algorithms.
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